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Linking cognitive linguistics and machine learning algorithms to
evaluate the emotionality of populist discourse.
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Who we are

German Police University

(Munster, North Rhine-Westphalia)

special higher learning institution for police officers
with university status (doctorate)

Joint Project: X-SONAR

"Extremist Engagement in Social Media Networks:
Identifying, Analyzing and Preventing Processes of
Radicalization"
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Emotions as a key to the people

Lot

SONAR

Concentrate/bundle existing ressentiments within society
Intensifying them (vgl. Wodak 2016)

wide range of feelings, which include nostalgia, fear, helplessness,
hatred, vindictiveness, ecstasy, melancholy, anger, fear, indignation,
envy, spite and resentment (Minogue 1969, Taggart 2000, etc.)
fear of social decline / loss of social status (vgl. Manow 2019)

contributing to the forming of collective identities (We vs. The Others)
(vgl. Demertzis 2006, Wodak 2016)
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Emotions as a key to the people

SONAR

intensifying emotions can lead to ,vigilante terrorism“ (vgl. Quent
2016); Chemnitz demonstrations 2018 (chivvy on migrants)

vigilante justice out of the majority against marginalized groups
(Quent 2015, Quent 2016a, Quent 2016b)

only a few are violent, but often initiated by many others who
advocate/support that violence (Kriipper/Zick/Krause 2015: 42f.)

"populist protests are a platform zu transform anger to hate and to
intensify it and instrumentalize it for political demands (Quent 2017:
59)

"growing anger of the silent majority?"

when justifiable anger is combined with prejudices, anger becomes
hate that again reinforces violent potential (vgl. Quent 2017: 58)
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o intensifying emotions can lead to ,vigilante terrorism“ (vgl. Quent
2016); Chemnitz demonstrations 2018 (chivvy on migrants)

vigilante justice out of the majority against marginalized groups
(Quent 2015, Quent 2016a, Quent 2016b)
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Emotions as a key to the people

SONAR

intensifying emotions can lead to ,vigilante terrorism“ (vgl. Quent
2016); Chemnitz demonstrations 2018 (chivvy on migrants)

vigilante justice out of the majority against marginalized groups
(Quent 2015, Quent 2016a, Quent 2016b)

only a few are violent, but often initiated by many others who
advocate/support that violence (Kriipper/Zick/Krause 2015: 42f.)

"populist protests are a platform zu transform anger to hate and to
intensify it and instrumentalize it for political demands (Quent 2017:
59)

"growing anger of the silent majority?"

when justifiable anger is combined with prejudices, anger becomes
hate that again reinforces violent potential (vgl. Quent 2017: 58)
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Research Question i

Does the emotionalization of populist language

actually trigger violent action?
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The ‘ACONDVI’ Hypothesis /o

Matsumoto and colleagues (2012; B Vickent Events
2015) could demonstrate a drastic B Nonviolent Events
increase in expressions of Anger, H
CONtempt, and DIsgust in the
political rhetoric precendent to
violent events (as compared to
non-violent campaign outcomes).
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Change in Rate of Emotion Content
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Source: Matsumoto et al. 2012
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[T]he combination of the emotions of anger, contempt, and disgust (ANCODI)
produce[s] a more volatile mix than any one of these emotions alone, and
thus their presence in speeches and behavior predicts intergroup hostility and
political violence [...].

These emotions function through the ability of anger to motivate action, of
contempt to motivate devaluation of others, and of disgust to motivate the
elimination of others.

Disgust Violance
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Hypotheses A

H1: Right-wing populist discourses convey the emotions anger, disgust, and
contempt to a greater amount than non-populist discourses.

H2a: An increase in expressions of anger, disgust, and contempt by right-wing
populists correlates with/precedes an increase in violent action (protests).

H2b: An increase in expressions of anger, disgust, and contempt by right-wing
populists correlates with/precedes an increase in violent language expressed on
social media.
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Dictionary-Based Word Count Analyses

SONAR

The rational:

The words we use in daily life reflect what we are paying attention
to, what we are thinking about, what we are trying to avoid, how we

are feeling, and how we are organizing and analysing our worlds.
(Pennebaker, 2010)

- focused analyses of the words used in a given text allow us to draw
conclusions about the personality, thoughts, feelings, and intentions of the
author

- WC techniques already successfully applied to analyses of radical contents
(e.g. Chalothorn & Ellmann, 2013; Cohen, Kaati, & Shresta, 2016; Pennebaker
& Chung, 2008;)

= LIWC (Linguistic Inquiry and Word Count) as ‘gold standard’ in dictionary-
based text analysis with a scientific foundation/validation

Frdespl Uaerry
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The LIWC
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The LIWC
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Sampling Populism SONAR

o Thin ideology? (host ideology)
People centrism, restoration of sovereignty, anti-elitism
(following Canovan, Mudde, Taggart, Schmitt, Puhle, Werz, etc.)

« Main focus on
authoritarian populism (vgl. Zirn 2018)
with extremist characteristics

illiberal (constraining minority rights)
anti-pluralistic (charismatic leadership)
anti-multilateral (national sovereignty)

Cleavage: Communitarianism vs. Cosmopolitanism
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Sampling Populism SONAR

I”

network of the New Right in Germany

The “intellectua

,New Right”“ Education

‘Institut fiir Staatspolitik’ (think-tank)

o Publishing company ‘Antaios Verlag’
o Newspaper (‘Junge Freiheit’)

o Magazines (‘Compact’, ‘Sezession’)

close linkage to the party , AfD“
11,5% in the German Bundestag (91 of 701 seats)
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Sampling Populism s
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o self entitled "true press"

o self positioning against mainstream media

GOtz Kubitschek

one of the most important protagonists of the Neue Rechte
publisher, journalist and right-wing political activist; founder of , Ifs”
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Sampling Populism

JUrgen Elsasser

Chief editor of ,Compact Magazin“

changing from radical left (antiimperialistic) to positions of the New Right
(PEGIDA, AfD)
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Sampling Populism

interconnected Facebook fanpages (by ‘like’)
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Applying the LIWC & NRC 758

Emotion Scores of the NPD

The different assumedly
populist outcomes were
explored with help of the
R package ‘quanteda’
(Benoit et al., 2018).
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Shortcomings of WC techniques s

@ existing emotion dictionaries tend to differ a lot

@ existing emotion dictionaries do not withstand validity checks
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Shortcomings of WC techniques s

existing emotion dictionaries tend to differ a lot

00

existing emotion dictionaries do not withstand validity checks

- get_nrc_sentiment("So ein verdammter Scheiss, ich hasse Juden”, Tlanguage = "german’)
anger anticipation disgust fear joy sadness surprise trust negative positive

1 0 0 0 0 0 0 0 0 0 0

= get_nrc_sentiment("wir sollten gleich morgen den Bundestag anzinden!”, Tanguage = 'german’)
anger anticipation disqust fear joy sadness surprise trust negative positive

1 0 2 0 0 0 0 0 0 0 0

> get_nrc_sentiment{"Merkel muss weg!", Tanguage = "german’)
anger anticipation disgust fear joy sadness surprise trust negative positive

1 0 0 0 0 0 0 0 0 0 0

> get_nrc_sentiment{"Merkel macht mich witend!", Tanguage = 'german’)
anger anticipation disgust fear joy sadness surprise trust negative positive

1 0 0 0 0 0 0 0 0 0 0

> get_nrc_sentiment("Als guter Muslim solltest du in den Jihad ziehen”, Tlanguage = "german’)
anger anticipation disqust fear joy sadness surprise trust negative positive

1 0 0 0 0 0 0 0 0 0 1
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Shortcomings of WC techniques s

@ existing emotion dictionaries tend to differ a lot

@ existing emotion dictionaries do not withstand validity checks

reason: existing dictionaries are not ‘domain-specific® for populism

future aim: develope strategies to enhance the existing dictionaries

" T Hamachers & Galic: Profiling Malignant Rhetoric | ‘Emotions & Populism’ | Mons, 4/10/2019 | 25



Fradeif bawrrp

word frequency analyses

expert coding
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Unsupervised Topic Modeling (Text Clustering)

SONAR

Unsupervised machine learning:
e data are not labelled in advance

—>the algorithms has to learn associations totally ‘on its own’
e output is a clustering of text

can be done ‘quick’n’dirty’, good for broad topic exploration

@ no possibility to include theoretical or prior empirical
knowledge of the researcher
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Latent Dirichlet Allocation (LDA)(Blei et al. 2003)

* topic modeling generally
applies a statistical model of juden ¢
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Supervised Topic Modeling (Text Classification)

Unsupervised machine learning:
* data are split into a ‘labelled’ training in advance

—>the algorithms has to figure out the rules underlying that
labeling

* output is a classification probability of text

labelling (usually) is a very tedious task
(some hundred labelled documents necessary)

@ labelling can reflect the knowledge of the researcher

Lot
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Supervised Topic Modeling (Text Classification)

Unsupervised machine learning:

* data are split into a ‘labelled’ training in advance

—>the algorithms has to figure out the rules underlying that
labeling

* output is a classification probability of text
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Supervised Topic Modeling (Text Classification)

Unsupervised machine learning:
* data are split into a ‘labelled’ training in advance

—>the algorithms has to figure out the rules underlying that
labeling

* output is a classification probability of text

labelling (usually) is a very tedious task
(some hundred labelled documents necessary)

@ labelling can reflect the knowledge of the researcher

Lot
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Using the dictionaries to create labelled data
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Supervised Topic Modeling (Text Classification)

Naive Bayes Classification

 NB treats the words of a text

as feature of underlying
concepts, organizes them as
vectors, and returns the
words/features which it
found the most crucial for
making the classification
decisons

e analysis performed in R with
the ‘sentiment’ package
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Supervised Topic Modeling (Text Classification)

SONAR

Naive Bayes Classification

* NB treats the words of atext | - o7 __ terror U pdate
as feature of underlying g pen . StatUS
concepts, organizes them as 52 1oy kgl S a anger
vectors, and returns the 258 ' 503 _' emen POSL’ Im a
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decisons triumph " e I'.|'|f:'|‘.r'. i tellen bitte badermysiime
 analysis performed in R with
the ‘sentiment’ package
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Future steps:

* try other aggregates of the data corpus

* try other supervised algorithms that make less simplistic assumptions (Hvitfeldt,
2019), e.g.

e support vector machines
* neural networks
e random trees

* replace tools (especially the ‘sentiment’ package)

General concerns/theoretical shortcomings:

* Problems of data validity
* limits of textual analysis (excludes photos, memes, info graphs etc.)
* irony, sarcasm, stance, negation
* embeddedness of online material=> ‘recursiveness’ of social media discourses

 definitory exclusion: populism # extremism
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Keeping up with traditions...

# SONAR

Thank you for your

attention!

Questions, comments,

remarks?
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